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Time-bounded events such as hackathons are
increasingly popular, becoming a common feature of
many large software companies including Google,
Facebook, and Microsoft. With a widespread adoption of
hackathons and a wide range of decisions about how to
form teams and manage events, it is important to
understand how characteristics of teams can impact
desired outcomes. In particular, hackathons often
include teams who are strangers before the event as
well as teams who have regularly worked together. It is
not clear how these different levels of familiarity impact
choice of projects, coordination, and team dynamics.
We collected interview data from members of five
teams who participated at the 2017 Microsoft OneWeek
Hackathon. We found that “pre-existing teams” (higher
familiarity) used the hackathon space to get needed but
non-routine work done, and chose projects that were
riskier and long-term and set higher expectations on
outcomes. In contrast, newly formed “flash teams”
(lower familiarity) aligned their goals with official
hackathon outcomes of lightly-engineered demos and
videos, and had a substantial focus on personal goals.
Flash teams experienced more conflict and misaligned
expectations, yet were largely satisfied with the
experience and intend to participate in the future.
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Introduction
Time-bounded intensive events have become
increasingly popular in recent years, variously called
hackathons, data dives, codefests, hack days, sprints,
edit-a-thons, map-a-thons, and so on. Their popularity
is attested to by the fact that collegiate hackathons
alone attracted more than 65,000 students from 16
different countries in 2017 [5]. Further, the scope of
hackathons has broadened from the tech industry to
other sectors and disciplines such as astronomy, arts
and humanities, biology, social goods, and many more,
taking on many different forms such as collaborative or
competitive, and focused on innovation, community
building, or learning [2, 7].
Regardless of design variations, all hackathons share a
set of common features. People divide into small
groups to innovate, improve, learn, and network within
a specified timeframe, typically 2-5 days. These groups
consist of people of often diverse backgrounds,
experience, and expertise, and gather in one location.
Due to their potential to leverage collective intelligence
and foster innovation outside the usual constraints and
processes of the workplace, hackathons have become a
common feature of large software companies including
Facebook, Google, and Microsoft. Yet little is known the
ways different compositions of team harness, or fail to
harness, the members’ creative capabilities.
Prior research on team familiarity (e.g., [1, 3])
suggests that teams with higher familiarity of members

have higher performance. In particular, prior studies
have found that when members of a team work
together over time, they have increased familiarity with
the task domain and with each other, clearer
expectations and communication, a common knowledge
base, and better coordination. Another factor important
for team coordination process is goal setting (e.g., [4]).
As goals or conscious ideas regulate people actions, the
choice of goals may determine team coordination
process.
Hackathons where teams vary widely in familiarity
provide an interesting context in which to study
familiarity and the strategies that non-familiar teams
develop to accomplish work in extremely compressed
time scales where members may be required to deliver
a substantial result 2-5 days after they first meet. In
addition, hackathon teams are generally free to work
on anything they want with very few constraints other
than time and potentially a desire to appeal to a judge.
Goal setting becomes a critical process for enabling the
team to work together effectively. It is therefore
interesting to examine how both familiar and unfamiliar
teams set goals and approach their attainment. Thus,
we aim to address the following research questions to
advance our understanding of team process in timebounded settings:
RQ: In time-bounded settings, how do teams with
higher familiarity differ from those with lower familiarity
in 1) setting goals, and 2) coordinating their work?

Methods
We chose the 2017 Microsoft OneWeek Hackathon to
study. This is a Microsoft’s annual global event held
with more than 16,000 participating employees in

2016. The data was collected using a mixed methods
approach which included interviews, observation, and
survey. In particular, our research group interviewed
event organizers and each team leader prior to the
event, one member of the research group shadowed
one team during hackathon days, interviewed members
of that team within a week after the hackathon and
again three months after the hackathon. We
administered a survey at the science fair which was
held on the last day of the event where participants
showcased or demoed their projects. Of these five
teams we shadowed, two were pre-existing teams with
members who regularly worked together before (P1-7),
and three were newly-formed “flash” teams whose
members had (mostly) not worked together before (F116).
All interviews were transcribed and analyzed following
empirical grounded theory procedures describe by
Strauss and Corbin (1998) [6], using Deedose, a webbased qualitative data analysis software. First, three
authors conducted open coding on the interview data,
in which familiarity, goal setting, and coordination were
used as sensitizing concepts. In the second phase, we
shared and wrote descriptive memos. We then
discussed in a highly collaborative manner and
combined codes that had similar meanings to yield
second-ordered codes or themes. The resulting coding
scheme was used for the remaining text.

Preliminary Findings
In this paper, we report some of our preliminarily
results based on the analysis of interview data collected
within a week after the hackathon.

Goal setting: We found that pre-existing teams
utilized the hackathon as a dedicated time and space to
get the needed non-routine work done (P4, P5). Their
chosen projects seemed to be riskier and have longterm potential compared to those of flash teams. In
contrast, flash followed the goals that the hackathon
set out for them, and aimed at producing lightlyengineered demos of their solutions (P4, P5, P6). In
addition, majority of flash team members used the
hackathon space to explore new skills and roles
unrelated to their regular work, and network with and
learn from people who are outside of their regular
workgroup (F2, F4). In contrast, pre-existing team
members’ participation was closely related to their
regular job (P4, P5). In that regard, flash teams were
more inclined toward innovation, suggesting that there
is a trade-off between familiarity and innovation in
terms of goal setting.
Coordination: Pre-existing teams’ members uniformly
picked out tasks that they were familiar with or they
could leverage their existing skills or knowledge (P1,
E1, E3). In contrast, flash teams’ members adopted
divisions of labor loosely based on standard team roles
at Microsoft (e.g., developer, marketing, UX designer,
program manager) and performed activities expected
to be performed by these roles (F5, F6, F16). When
organizing their processes, pre-existing teams were
found to fall back on their regular work practices
whereas flash teams’ members tended to coordinate
based on their taken roles (P4, F16). Here, it is
important for flash teams’ members to modify their
taken roles considering the constraints of hackathon.
Expectation mismatch: We found that flash teams
were prone to a problem of expectation mismatch,

especially when some members had no prior hackathon
experience. These newcomers seemed to have set high
or unrealistic expectations on outcomes of the
hackathon, either by putting their personal goals first
or holding to their professional engineering norms (F6,
F15) rather than focusing just on a demo. Such
expectation mismatches led to confusion or mild
conflicts in flash teams.
Conflict avoidance: Both types of team seemed
largely to avoid open conflict during hackathon. This
may be due to the short duration of the hackathon
which did not really allow time for conflict resolution,
and that flash team members were unconcerned about
allowing unspoken conflict to continue, since they were
unlikely to continue to work as a team after the
hackathon (P6, F11).

Conclusion
Our results suggest that goals and expectations set out
by hackathon teams are contingent on how familiar
their members are with each other. Depending on the
types of goal they pursued, teams adopt different
mechanisms to organize themselves in such a way that
would maximize the goal attainment. Having prior
hackathon experience enabled them to realize the
differences between hackathon and regular work and
modify their hackathon roles accordingly.
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